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The Drift/Fidelity Index: A Measurement 
Framework For Reality Alignment  

Evaluating whether decisions, metrics, and mediated representations remain grounded in 
real-world conditions. 

A. Jacobs | Reality Drift Framework 

The Core Problem 

The Reality Drift framework describes why modern systems can continue functioning while losing 
contact with reality. Across technology, institutions, media, and organizational life, optimization 
increasingly replaces judgment, metrics replace meaning, and processes continue operating even as 
their connection to real outcomes weakens. When representations no longer reliably bind action to 
real-world consequences, meaning itself begins to erode. Nothing visibly breaks. Outputs remain 
coherent. Performance indicators may even improve. Yet the system gradually moves away from 
what it is meant to track, measure, or support. 

As mediation layers expand, systems depend more heavily on representations than on direct 
feedback from real conditions. When this happens, performance can remain stable while underlying 
alignment erodes. This dynamic has existed for decades in organizations and institutions, but the rise 
of AI systems significantly accelerates it by compressing complex reality into simplified 
representations and decision inputs.  

AI companies now measure model performance extensively. They evaluate technical dimensions 
such as accuracy, benchmark scores, and output quality to ensure models function correctly. 
However, these technical evaluations stop at the model itself. They do not measure what happens 
after models are deployed into real environments — how AI-mediated decisions affect 
organizations, reshape incentives, influence behavior, or gradually shift systems away from real-
world conditions. 

In practice, this creates a growing measurement gap: we can measure how well models operate, but 
we lack a structured way to measure how their use impacts reality alignment. 

Over time, this can distort forecasts, misalign incentives, and cause organizations to optimize against 
representations rather than real conditions. As mediation increases, a structured way is needed to 
assess whether these systems remain grounded in the realities they are meant to reflect. The 
Drift/Fidelity Index extends the Reality Drift framework into this dimension by providing a way to 
measure that alignment over time. 
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Key Definitions 

Reality Alignment: The degree to which mediated decisions, metrics, and representations remain 
anchored to the real-world conditions they are intended to reflect, support, or influence. 

Fidelity: The accuracy and integrity of the relationship between a system’s representations and the 
underlying reality they describe. 

Drift: The extent to which system representations, metrics, or decisions diverge from the real-world 
conditions they are meant to reflect. 

Constraint Integrity: The strength of the feedback mechanisms that connect a system’s 
representations to real-world conditions and enable correction when misalignment occurs. 
When constraint integrity weakens, fidelity declines and drift increases, even if performance 
indicators improve. 
 

Structural Logic 

All complex systems operate under constraints imposed by real-world conditions. The Drift 
Principle states that drift occurs when representations are optimized faster than constraints can keep 
them anchored to consequences. When constraint integrity is strong, feedback remains direct and 
timely. Errors are corrected quickly, metrics reflect actual outcomes, and representations stay reliably 
tied to the environments they are meant to describe. 

When constraint integrity weakens, feedback becomes delayed, filtered, or symbolic. In more 
extreme cases, these mechanisms fail entirely, producing a condition of constraint collapse in which 
representations continue circulating without meaningful corrective pressure. Metrics begin to 
substitute for lived outcomes, representations become increasingly self-referential, and systems can 
continue operating even as alignment deteriorates. 

Reality Drift occurs when operational continuity persists after grounding constraints weaken or 
collapse. Performance indicators may improve and processes may appear efficient, yet the system’s 
connection to underlying conditions steadily erodes. This reflects the paradox of operational 
continuity without correction, where systems remain functional even as their relationship to reality 
degrades. 

Core Dimensions of the Index 

The Drift/Fidelity Index evaluates reality alignment across four dimensions: 

1. Constraint Integrity  

Can reality correct the system? 
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The strength and directness of feedback loops connecting system representations to real-world 
conditions. Are corrective mechanisms intact, timely, and capable of detecting misalignment? 

Examples: 

• Do real-world outcomes feed back into models and metrics? 
• Can frontline data override dashboard indicators? 
• How quickly are errors detected and corrected? 

2. Representational Fidelity  

Does the system reflect reality accurately? 

The accuracy with which metrics, models, and abstractions represent the underlying conditions they 
are intended to describe. 

Examples: 

• Do performance metrics correlate with actual outcomes? 
• Do forecasts match real results over time? 
• Are proxies drifting from what they are meant to measure? 

3. Experiential Grounding  

How directly does the system interact with reality? 

The degree to which decisions and processes maintain direct contact with real-world conditions 
rather than relying solely on mediated representations. 

Examples: 

• Are decisions informed by firsthand operational input or only by dashboards? 
• Do leaders maintain direct exposure to frontline conditions? 
• How many layers separate action from real-world feedback? 

4. Cognitive and Organizational Impact  

Do humans interpret and act in alignment with reality? 

The extent to which reliance on mediated systems preserves accurate situational awareness, sound 
judgment, and alignment between incentives and real outcomes. 

Examples: 

• Are teams optimizing for metrics rather than real performance? 
• Do incentives encourage behavior that improves numbers but not outcomes? 
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• Does reliance on automation reduce situational awareness? 

Scope and Boundaries  

The Drift/Fidelity Index is not a benchmark for evaluating AI models. It does not assess technical 
performance, accuracy, or output quality. Instead, it focuses on what happens when models and 
metrics are embedded in real environments, examining how their use shapes decisions, incentives, 
planning, and organizational behavior. 

A model can perform well by technical standards while the organization relying on it gradually loses 
alignment with real-world conditions. The Drift/Fidelity Index is designed to assess that alignment. 

It functions as a diagnostic framework rather than a single composite score, producing a profile 
across multiple dimensions of reality alignment. Specific indicators and measurement methods will 
vary across domains, but the underlying structural dimensions remain consistent. This allows the 
Index to serve as a cross-domain framework for assessing alignment while supporting domain-
specific implementation in contexts such as AI governance, organizational decision systems, 
financial metrics, and information ecosystems. 

Practical Implications  
 
As AI systems, automated decision tools, and performance dashboards become embedded in 
organizational and societal processes, the challenge is no longer whether these systems function, but 
whether they remain aligned with the environments they are meant to inform and influence. The 
Drift/Fidelity Index provides a structured way to detect and evaluate this condition by measuring 
how well decisions, metrics, and representations remain grounded in real-world conditions over 
time. 

The framework applies across domains, including: 

• AI systems and automated decision infrastructures 
• Organizational KPI and performance measurement systems 
• Financial and economic metrics 
• Media and information ecosystems 
• Scientific modeling environments 
• Institutional governance systems 

It serves as a structural framework for assessing alignment across these contexts, while related 

concepts such as, synthetic realness, optimization trap, filter fatigue, and cognitive drift describe how 

misalignment can appear in practice. 


