
A. Jacobs | Reality Drift Framework 

Reality-Constrained Systems: A Practical 
Framework for Reducing Drift in AI and 
Decision Systems 

A. Jacobs | Reality Drift Framework  

Where This Starts 

AI systems increasingly produce outputs that are coherent, useful, and often correct, yet still feel 
subtly misaligned with reality.This reflects a constraint problem rather than a limitation of 
intelligence. 

As systems scale, they become highly effective at generating plausible representations. But 
plausibility is not the same as accuracy, and coherence is not the same as alignment. 

The result is a growing class of systems that function well on the surface while gradually drifting 
away from the realities they are meant to model. 

The Underlying Pattern 

Across AI systems, organizations, and decision processes, a consistent structural pattern emerges: 

• A measurable indicator is introduced to evaluate performance 
• The system begins optimizing behavior around that indicator 
• The indicator becomes easier to satisfy than the underlying reality 
• The proxy gradually replaces the original target 

The system continues to produce coherent outputs, and performance often appears to improve. At 
the same time, it becomes increasingly detached from the thing it was designed to represent. 

This condition is difficult to detect because nothing visibly breaks. But the absence of failure is not 
proof of alignment. 

Reality Drift: The Failure Mode 

Reality Drift refers to a systems-level loss of alignment between representations and the real-world 
conditions they are intended to reflect. 

This is not random error. It is structured misalignment that emerges while systems continue to 
function and produce coherent outputs. 

It arises when: 
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• representations become increasingly mediated rather than grounded in direct feedback 
• optimization pressure exceeds the constraints that keep systems tied to real-world conditions 
• feedback loops reinforce internal coherence and performance metrics over external accuracy 

As systems scale, they can preserve surface functionality while gradually diverging from the realities 
they were designed to model. 

A Different Kind of System 

To address this, a new category of systems is required: Reality-Constrained Systems are systems 
explicitly designed to maintain alignment between outputs and the realities they represent, even 
under optimization pressure. 

Rather than relying on correctness emerging from scale, these systems introduce structural 
mechanisms that continuously tether outputs to reality.  

What Keeps a System Aligned 

At a minimum, these systems operate across three dimensions. 

1. Reality Anchors 

Mechanisms that tie outputs to external ground truth. These reduce drift by ensuring that 
representations remain coupled to something outside the system’s internal logic. 

Examples include: 

• retrieval-based grounding 
• direct data verification 
• real-time or high-fidelity data sources 

Without anchors, systems become self-referential. 

2. Cognitive Constraints 

Structures that shape how reasoning unfolds. These do not just evaluate outputs. They influence the 
structure of the reasoning process itself. 

Examples include: 

• stepwise reasoning structures 
• explicit representation of assumptions 
• enforced decomposition of problems 

Constraints reduce the likelihood that the system converges on plausible but unsupported 
conclusions. 
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3. Drift Diagnostics 

Mechanisms that detect misalignment and unjustified confidence. These operate as internal checks 
against silent failure. 

Examples include: 

• confidence vs. evidence comparison 
• adversarial or counterfactual testing 
• detection of proxy optimization behavior 

Diagnostics make drift visible before it compounds. 

Where This Already Exists  

Many existing approaches can be understood as early, incomplete versions of these components: 

• Retrieval-Augmented Generation (RAG): an initial form of a Reality Anchor, often 
shallow or weakly enforced 

• Chain-of-thought and structured prompting: primitive Cognitive Constraints that guide 
reasoning 

• Evaluation frameworks and hallucination checks: early Drift Diagnostics focused on 
output validation 

These approaches are typically applied in isolation. Very few systems integrate all three dimensions 
in a coordinated way. 

Why This Fails Quietly 

Systems can scale in capability while simultaneously degrading in alignment. 

As optimization pressure increases: 

• proxies become easier to exploit 
• internal coherence becomes a substitute for external accuracy 
• errors become harder to detect because they remain plausible 

This creates a condition where systems are functionally effective but structurally misaligned. In high-
stakes environments, that gap compounds. 
 

What This Changes 

The next generation of intelligent systems will not be defined by scale alone. They will be defined by 
how well they remain constrained by the realities they are meant to represent. 
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Reality-Constrained Systems represent a shift from generating better answers 
to maintaining a tighter coupling between representation and reality. That shift determines whether 
increasing intelligence improves decisions or simply produces more convincing errors, because once 
optimization outpaces constraint, meaning is no longer required. 


