
Correctness is not the same as understanding. As 

AI systems become more fluent and factually 

accurate, their outputs can still distort intent, 

context, and meaning. Traditional evaluation 

metrics focus on accuracy, tokens, facts, and 

benchmarks, while overlooking whether the original 

structure and purpose of  information remain 

intact. This distinction highlights semantic drift, the 

subtle loss of  meaning beneath technically correct 

outputs. Semantic fidelity reframes AI alignment as 

the preservation of  meaning rather than the 

optimization of  accuracy.
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